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Chapter I 

Introduction 

The persistence of momentum anomalies over the past few decades raises serious 

doubts about the efficient market hypothesis . Many market anomalies have typically 

disappeared , reversed or attenuated following their discovery. Yet the momentum anomalies are 

still robust after their initial discoveries and could not be explained by the three-factor model of 

Fama and French (1993). 

(a) Return momentum 

Stock returns based on momentum strategies have been well-known and were well

publicized by at least the early 1990s, but they continue to generate excess profits. Jegadeesh 

and Titman (1993) first report that short-run momentum strategies from buying past winners and 

selling past losers produce positive abnormal returns over the following three to twelve month 

periods after controlling for size and risk . The return momentum is observed not only in the U.S. 

market but also prevails in other stock markets around the world, see Rouwenhorst (1998) and 

Griffin, Ji , and Martin (2003). 

There is no consensus on the sources of momentums. The financial literature argues 

that the existences of momentum anomalies are probably related to many sources. Several 

studies, including Odean (1998) and Grinblatt and Keloharju (2000) , documented the 

disposition effect in many stock markets by. Grinblatt and Han (2005) propose a theory in which 

momentum is driven by the disposition effect. Zhang (2006) finds that size , analyst coverage, 

analyst forecast dispersion , and return volatility are related to momentum returns . O'Hara (2003) 

suggests incorporating informed trading into asset pricing . Hameed, Hong , and Warachka 

(2008) show the existence of a cross-sectional relationship between informed trading and 

momentum effect. 

Wang (1994) develops a model of competitive stock trading . In this model , investors are 

heterogeneous in their private information and private investment opportunities. This study 
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examines the link between the nature of heterogeneity among investors and the behavior of 

trading volume and its relation to price dynamics. The uninformed investors cannot predict and 

immediately identify the informed investors. An abnormal trading is caused by public news 

about the stock's future dividends, under information asymmetry. The abnormal trading volume 

is larger when the information asymmetry is greater. Hameed, Hong, and Warachka (2008) 

document that firm-specific informed trading is an important determinant of price momentum. 

Their findings are consistent with Wang's (1994) model predictions. However, the model does 

not explicit indicate who are informed investors. 

Trading strategies and trading performances for local investors and foreign investors are 

widely documented in many stock markets. The results vary from markets to markets. Some 

studies find that foreign investors are more informed because of their superior ability to gather 

and process new information through sophisticated portfolio management techniques and their 

worldwide information networks. Because of physical , linguistic, or cultural barriers, others 

argue that local investors may have informational advantages. However, there is no consensus 

on who are informed investors. 

This study attempts to fill these financial gaps by answering two momentum puzzles. 

First, we try to investigate what causes return momentum. Several documented causes of 

momentum, including information asymmetry, uncertainty, liquidity, and disposition effect, are 

analyzed. Second, we investigate who causes return momentum. This study directly 

investigates information asymmetry across different investor types using data on SET during 

1999 to 2007. The unique SET data provides transactions by different investor groups on an 

emerging market. Therefore, we do not need to use trade size as a proxy for investor type. While 

U.K. and U.S. have extensive investor protection laws and strong law enforcement institutions 

and high stock price informativeness, Thailand has limited investor protection laws, extremely 

weak law enforcement institutions and low stock price informativeness. Previous studies 

document a negative relationship between investor protection and information asymmetry. 

Therefore, information asymmetry and informed trading should be clearer observed in Thailand 

than in UK and U.S. This study uses three different measurements of information asymmetry, 
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including PIN, AdjPlN developed by Duarte and Young (2009), and Roll's (1987) return volatility 

(1-R\ Analyst's forecast dispersion and Kyle's lambda are used as proxies for uncertainty and 

liquidity, respectively. 

This study finds a strong cross-sectional relationship between return continuation and 

informed trading . In particular, stocks with high turnover exhibit return continuation under 

information asymmetry and exhibit return reversal under information symmetry. The results are 

consistent with Wang's (1994) predictions . Information asymmetry is the major source of return 

momentum, not uncertainty, liquidity, or disposition effect. The results show that foreign 

investors and local institutional investors cause return momentum. Under Wang's (1994) model, 

the local individual investors are more informed than foreign investors and local institutional 

investors. 

This study contributes to the financial literature by providing clear evidences about 

return momentum on SET, an emerging market. The source of return momentum is clearly 

identified on a market with low investor protection . In addition , this study directly investigates the 

impact of investors trading on return profiles. This information helps us understand who cause 

momentum effect and who are more informed. 

(b) Earnings momentum 

Earnings momentum refers to the fact that firms reporting unexpectedly high earnings 

subsequently outperform firms reporting unexpectedly low earnings. Earnings momentum is 

relatively short-lived and related to differences in the ability of investors to interpret public 

information. The financial literature documents that the existences of these anomalies are 

related to information asymmetry the market. 

The abnormal return of firms with positive (negative) earnings surprise continues to drift 

upward (downward) for several months after the earnings announcements was first documented 

by Ball and Brown (1968) . Since then, many researchers have extensively investigated the post

earnings announcement drift (PEAD) and have confirmed the robustness of PEAD or earnings 
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momentum. Its persistence violates market efficiency hypothesis . Earnings announcements are 

a useful context for studying information asymmetry. The informed trading during the following 

periods will be investigated in this study. 

• pre-earnings-announcement period, 

• during the earnings-announcement period, and 

• post-earnings-announcement period. 

It can provide insights as to whether the traders' skill lay in their ability to exploit private or 

public information . 

The PEAD literature documents two different types of earnings surprises: 

• random walk-based (RW) earnings surprise 

• analyst-based (AF) earnings surprise 

There is no consensus regarding the source(s) of these drifts and who cause them. The effects 

of different investor types on the RW and AF drifts are inconclusive. Recently, Ayers, Li , and 

Yeung (2009) find that small traders continue to trade in the direction of RW earnings surprises 

after earnings announcements, whereas large traders continue to trade in the direction of AF 

earnings surprises. Overall, their findings imply that the RW and AF drifts may be explained by 

distinct groups of investors that form their earnings expectations differently, who both impact 

prices and systematically underreact to earnings news. 

However, previous researchers classify investors as small or large traders based on 

trade sizes. They fail to link trade sizes to different investor types. Several studies, including 

Barclay and Warner (1993), Chakravarty (2001), Campbell, Ramadorai, and Vuolteenaho (2005) 

point out that small trades could be initiated either by individual investors, or institutional 

investors who split their trades into smaller trades to reduce price impact. In addition, Campbell 

et al. (2005) provide evidences that institutions tend to make both very large and very small 

trades, with individuals tending to make intermediate-sized trades. In sum, these studies imply 

that trade sizes could be poor proxies for different investor groups. 
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This study extends Ayers , Li , and Yeung's (2009) study to investigate informed trading 

around earnings announcement, in two different dimensions: 

• Utilizing the unique data set from the Stock Exchange of Thailand (SET) . Without using 

trade sizes as proxies, this study will directly investigate which groups of investors 

cause earnings momentum effect. 

• Investigating trading around earnings announcement period . It will reveal who are better 

informed and trading to take advantage of their private information. 

This study uses the unique data from the Stock Exchange of Thailand (SET) to 

investigate the differences in information asymmetry across different types of investors, 

including retail customers, foreign investors, institutional investors and broker owned portfolio. 

The SET provides a unique opportunity to directly investigate the potential of different trading 

behaviors of diverse investor groups. Early studies by Easley and O'Hara (1987) and Lee (1992) 

use the trade sizes as a proxy for investor types. Instead of using a proxy, this actual data set 

allows us to study whether retail customers, institutional investors, broker owned portfolio, or 

foreign investors are better informed in the SET. While UK and U.S. have extensive investor 

protection laws and strong law enforcement institutions and high stock price informativeness, 

Thailand has limited investor protection laws, extremely weak law enforcement institutions and 

low stock price informativeness. Previous studies document a negative relationship between 

investor protection and information asymmetry. Therefore, information asymmetry and informed 

trading should be clearer observed in Thailand than in U.K. and U.S. 

This study finds no investor group has private information prior to the earnings 

announcement. There is no clear trading pattern from any investor groups. During the post

earnings announcement period, cumulative abnormal return (CAR) is caused by foreign 

investors. The post-earnings announcement drifts are associated with analyst-based (AF) 

earnings surprises, not random walk-based (RW) earnings surprise. 

This research contributes to the financial literature by directly linking post-earnings

announcement period trading by distinct groups of investors to the seasonal random walk-
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based and analyst-based drifts. In addition, this study will also investigate who are better 

informed prior to earnings announcement by investigating investors' trading activities. Finally, 

this study tries to answer the question "Who cause the post-earnings-announcement drift?". 

The remainder of the paper is organized as follows. Chapter II outlines the related 

literature. Chapter III overviews the research hypothesis. Chapter IV presents the data used in 

this study. Chapter v lays out the methodology of the research . Chapter VI presents the results 

and discussions. Finally, chapter VII summarizes the results of this study. 



Chapter II 

Literature Review 

2.1. Introduction to momentum 

Fama (1997) argues that market efficiency hypothesis survives the challenge from the 

literature on long-term return anomalies. Most of the anomalies are chance results, which are 

consistent with the market efficiency hypothesis. The following premier momentum anomalies 

are exception and are left unexplained by the three-factor model of Fama and French (1993). 

(a) Price momentum 

Price momentum was documented by Jegadeesh and Titman (1993). It refers to the fact 

that stocks with high returns over the last year tend to have high returns for the next few months 

and stocks with low past returns tend to have low future returns . Many market anomalies have 

typically disappeared, reversed or attenuated following their discovery. The earnings 

momentum is still robust after its initial discovery. 

Price momentum is relatively short-lived and related to differences in the ability of 

investors to interpret public information. Chan (2003) shows that price momentum anomaly is 

concentrated in stocks about which new public information has been released, but earnings 

momentum anomaly can be interpreted as investors' reactions to public earnings news. Sadka 

(2005) finds that unexpected systematic (market-wide) variations of the variable component 

rather than the fixed component of liquidity are shown to be priced within the context of price 

momentum and earning momentum. He interprets a substantial part of these anomalies as a 

compensation for the unexpected variations in the aggregate ratio of informed traders to noise 

traders since the variable component is typically associated with private information (Kyle, 

1985). The returns of these anomalies would be related to the amount of information asymmetry 

in the market. Therefore, these momentum anomalies provide a natural testing ground for the 

importance of information asymmetry. 
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Stock return or earnings based momentum strategies have been well-known and were 

well-publicized by at least the early 1990s. Jegadeesh and Titman (1993) first report that short

run momentum strategies from buying past winners and selling past losers produce positive 

abnormal returns over the following three to twelve month periods after controlling for size and 

risk . Chan, Jegadeesh and Lakonishok (1996) show that the probable source of profitability of 

momentum strategies is a delayed price reaction to firm specific information, such as news 

announcement. In their study, the drift in future returns could not be explained by risk, size, and 

book-to-market effects. The short-term momentum is observed not only in the U.S. market but 

also prevails in other developed stock markets around the world, as documented by 

Rouwenhorst (1998) and Griffin, Ji, and Martin (2003) . Jegadeesh and Titman (2001) show that 

momentum strategies are profitable in the nineties as well. Despite the popularity of momentum 

strategies in the investment community and its visibility in the academic community, there is no 

evidence of the effect disappearing. 

The return profiles can be classified into three periods: 

• short-term reversal (less than 1 month), 

• intermediate-term momentum (from 3 months to 1 year), and 

• long-term reversal (from 3 to 5 years). 

Jagadeesh (1990), Lehmann (1990), and Gutierrez and Kelley (2008) document that stock 

return reversals at weekly and monthly intervals. For intermediate-term momentum, Jegadeesh 

and Titman (1993) find that a strategy that buys past six-month winners and shorts past six

month losers earns approximately one percent per month over the subsequent six months. For 

long-term reversal, Thaler and De Bondt (1985 and 1987) and Lakonishok, Shliefer and Vishny 

(1994), Jegadeesh and Titman (2001) showed that past losers outperform past winners or vice 

versa over the subsequent three to five years not only in US markets but also in other stock 

markets . Griffin, Ji and Martin (2003) find that momentum profits reverse over a one to five year 

horizon for many international markets. 

Financial academics have long recognized that stock returns appear to exhibit 

continuation, or momentum . However, there is little agreement about an explanation for this 
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phenomenon. It is very unlikely that it can be explained by risk. Financial economists are far 

from reaching a consensus on what generates momentum profits. 

By taking advantage of underreaction or overreaction without bearing extra risk, 

abnormal returns provided by momentum and contrarian strategies presents a challenge to the 

efficient markets hypothesis. Financial market anomalies related to profit opportunities typically 

disappear, reverse, or attenuate following their discovery. Momentum is an exception. 

Momentum profitability is the only CAPM-related anomaly unexplained by the Fama and French 

(1993) three-factor model. Fama and French (1996) show that long-term reversals can be 

consistent with a multifactor model of returns, but their model fails to explain medium-term 

performance continuation . 

(b) Earnings momentum 

Earnings momentum documented by Ball and Brown (1968) . It refers to the fact that 

firms reporting unexpectedly high earnings subsequently outperform firms reporting 

unexpectedly low earnings. Prices continue to move up after positive earnings surprises and 

down after negative earnings surprises. The post-earnings-announcement drift (PEAD) is one of 

the longest-standing anomalies . Many market anomalies have typically disappeared, reversed 

or attenuated following their discovery. The earnings momentum is still robust after its initial 

discovery. 

Earnings momentum is relatively short-lived and related to differences in the ability of 

investors to interpret public information. Sadka (2006) finds that unexpected systematic (market

wide) variations of the variable component rather than the fixed component of liquidity are 

shown to be priced within the context of price momentum and earning momentum. He interprets 

a substantial part of these anomalies as a compensation for the unexpected variations in the 

aggregate ratio of informed traders to noise traders since the variable component is typically 

associated with private information (Kyle, 1985). The returns of these anomalies would be 

related to the amount of information asymmetry in the market. Therefore, these momentum 

anomalies provide a natural testing ground for the importance of information asymmetry. 
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The abnormal return of firms with positive (negative) earnings surprise continues to drift 

upward (downward) for several months after the earnings announcements was first documented 

by Ball and Brown (1968). Since then , many researchers have extensively investigated the post

earnings announcement drift (PEAD) and have confirmed the robustness of PEAD or earnings 

momentum using more recent data (Foster, Olsen and Shevlin, 1984 and Bernard and Thomas, 

1990) and using data from non-US stock markets (Hew, Skerratt, and Strong and Walker, 1996). 

Chordia and Shivakumar (2005) document that a portfolio that is long in stocks with the highest 

earnings surprises and short in stocks with the lowest earnings surprises provides a return of 90 

basis points per month or over 10% annually. Such large profits, from a simple long-short 

trading strategy, over a period of almost four decades point to a violation of the weak-form 

market efficiency as defined by Fama (1970). 

Prior researches demonstrate that earnings announcements contain important 

information about future earnings. The market captures most of this information during the 

following three periods: 

• pre-earnings-announcement period (Ball and Brown, 1968), 

• during the earnings-announcement period (Beaver, 1968, Easton and Zmijewski , 

1989), and 

• post-earnings-announcement period (Bernard and Thomas, 1989 and 1990, 

Abarbanell and Shane and Brous, 2001). 

Earnings announcements are a useful context for studying information asymmetry. Focusing on 

trading around these events mitigates the joint-hypothesis problem since measurements of 

stock selection ability in the short period around earnings announcements are relatively 

insensitive to the risk-adjusted model. In addition , the study could be able to distinguish 

between pre- and post-announcement trading . It can provide insights as to whether the traders' 

skill lay in their ability to exploit private or public information. 
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2.2. Sources of Momentum 

(a) Uncertainty 

The literature documents the contribution of uncertainty to momentum returns . The 

argument is that limits to arbitrage, which are the corner stone for behavioral finance, are more 

severe in stocks with higher cash-flow uncertainty. Zhang (2006) interprets these associations 

as evidence that behavioral biases influence stock prices . Several firm characteristics are used 

as proxies for uncertainty including: 

• firm 's size, 

• analyst coverage, which equals the number of analysts covering a stock each 

month , 

• analyst forecast dispersion , which is defined as the monthly standard deviation of 

analysts' earnings forecasts for the next fiscal year divided by the stock price, and 

• idiosyncratic volatility, which is estimated from a stock's return (1_R2) by regressing 

its weekly return on the return of its industry and the market. 

Uncertainties in future cashflows and momentum returns are negatively related to size and 

analyst coverage, but are positively related to analyst forecast dispersion and idiosyncratic 

volatility . 

Jiang, Lee , and Zhang (2005) examine the role of information uncertainty in predicting 

cross-sectional stock returns . They define information uncertainty in terms of "value ambiguity," 

or the preciSion with which firm value can be estimated by knowledgeable investors at 

reasonable cost. This study shows that: 

• firms with high information uncertainty earn lower future returns , and 

• price and earnings momentum effects are much stronger among firms with high 

information uncertainty. 

The evidence indicates that high information uncertainty exacerbates investor overconfidence 

and limits rational arbitrage. Recently, Zhang (2006) investigates the role of information 

uncertainty in price continuation anomalies and cross-sectional variations in stock returns . This 

study observes greater price drift when there is greater information uncertainty and attribute the 
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short-term price continuation to behavioral biases . As a result, greater information uncertainty 

produces relatively higher expected returns following good news and relatively lower expected 

returns following bad news. 

(b) Liquidity 

Liquidity, denoting the ability to trade large quantities quickly, at low cost, and low price 

impacts, is a broad and elusive concept. The time-series relationship between the expected 

stock returns and their liquidity is widely documented in the literature. Most of the previous 

studies focus on the level of liquidity as a characteristic of a stock. Liquidity is proxied by bid

ask spread (Amihud and Mendelson , 1986), price impacts (Brennan and Subrahmanyam, 

1996), volume and turn over (Chordia, Subrahmanyam, and Anshuman , 2000), and the 

probability of information-based trade (PIN) (Easley, Hvidjaker, and O'Hara , 2002) . 

Focusing on an aspect of liquidity associated with temporary price fluctuations induced 

by order flow, p 'astor and Stambaugh (2003) investigates whether market-wide liquidity is a 

state variable important for asset pricing. They develop a measure of aggregate (market-wide) 

liquidity based on daily price reversals . Their monthly liquidity measure, an average of 

individual-stock measures estimated with daily data, relies on the principle that order flow 

induces greater return reversals when liquidity is lower. This study finds that systematic liquidity 

fluctuations cause variation in momentum returns and that systematic liquidity risk is a priced 

risk factor. 

Using Amihud's (2002) liquidity measure, Acharya and Pedersen (2004) identifies the 

component of liquidity risk that is related to existing asset-pricing anomalies. They show that 

expected stock returns are a function of expected stock illiquidity and covariances between 

stock return , stock illiquidity, market return, and market illiquidity. 

Recently, Sadka (2005) investigates whether the components of liquidity risk are 

important for asset-pricing anomalies. Based on the empirical market microstructure model of 

Glosten and Harris (1988), he defines the liquidity as the price-impact induced by trades, and 
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separates liquidity into fixed and variable components. The unexpected systematic (market

wide) variations of the variable component are shown to be priced within the context of 

momentum, not the fixed component of liquidity. This variable component is usually associated 

with private information. Then, he concludes that compensation for the unexpected variations in 

the aggregate ratio of informed traders to noise traders creates momentum. 

(c) Transaction costs 

Momentum and PEAD returns are relatively short-lived. Implementing momentum and 

PEAD trading strategies probably involves high turnover and high transactions costs. Trading 

costs include: 

• direct trading costs include bid-ask spreads and commissions, 

• indirect trading costs include price pressure of large trade quantities and delay in 

executing an entire order (Kyle, 1985 and Bhushan, 1994). 

Bhushan (1994) finds that the magnitude of PEAD is positively related to direct and indirect 

trading costs. Ke and Ramalingegowda (2005) document that transient institutions exploit PEAD 

more aggressively in firms with low transaction costs. Chordia, Goyal, Sadka, Sadka and 

Shivakumar (2006) find that the PEAD occurs mainly in the highly illiquid stocks which have high 

trading costs and market impact costs . However, recently, Aboody, Lehavy, and Trueman 

(2008) find that stocks with the strongest prior 12-month returns experience a significant 

average market-adjusted return of 1.58% during the five trading days before their earnings 

announcements and a significant average market-adjusted return of -1 .86% in the five trading 

days afterward. These returns remain significant even after accounting for transactions costs. 

(d) Order flow imbalance 

The relationship between stock returns and trading volume is studied by several 

researchers including Karpoff (1987), Gallant et al. (1992), Hiemstra and Jones (1994), and Lo 

and Wang, (2000). However, trading volume can be caused by buyer-initiated or seller-initiated 

trades. In addition, a large amount of trading interest on a given day, which is fairly evenly 

distributed between buyers and sellers, can also affect the trading volume. Order imbalances 

have greater explaining power beyond volume in explaining stock returns. Since order 
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imbalances can signal excessive a stock's demand or supply, then they can cause future 

returns . In addition, a high absolute order imbalance can affect returns as market makers 

struggle to re-adjust their inventory. 

The previous studies on order flow imbalance focus on over short time horizon or for 

specific agents (Lee, 1992, Lakonishok et aI., 1992, Lauterbach and Ben-Zion, 1993, Sias, 1997, 

Wermers, 1999, Cushing and Madhavan, 2000 and Stoll , 2000). Focusing on the long-term 

order imbalances, Chordiaa and Subrahmanyam (2004) shed light on the role of inventory 

effects in daily stock price movements. They investigate the relation between daily returns of 

individual stocks and order imbalances. Overall , their empirical findings are consistent with a 

model of market equilibrium in which market makers with inventory concerns accommodate 

positively autocorrelated imbalances. Autocorrelated imbalances generate price pressures 

which attribute to the relation between returns and lagged imbalances. In addition , the 

imbalance-based trading strategies yield statistically significant returns. 

(e) Underreaction 

The PEAD has been robust over almost four decades and is commonly interpreted as 

evidence that investors underreact to earnings surprises. This follows empirical evidences that 

good-news firms, i.e. those with high standardized-unexpected earnings (SUE), outperform 

bad-news (low-SUE) firms . The results suggest that investors underreact to the information 

content of earnings, thereby generating return continuation. Daniel, Hirshleifer, and 

Subrahmanyam (1998) show that investors do not sufficiently react to public signals when the 

content of the new information conflicts with their private signals. Barberis, Shleifer and Vishny 

(1998) attribute underreaction to earnings announcements to investors' conservatism. Individual 

investors reluctance to update their beliefs upon receiving new information and disregard the 

full information content of an earnings announcement. Rather than using the new information 

contained in the earnings announcement, they tend to rely on their prior estimates of earnings. 

In Hong and Stein's (1999) model , investors make forecast based on their private information 

but do not condition their estimates on full price history. It generates underreaction to public 

information. 
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2.3. Wang (1994)'5 price discovery model 

Wang (1994) develops a model of competitive stock trading . In this model, investors are 

heterogeneous in their: 

• private information and 

• private investment opportunities 

They rationally trade for both informational and non-informational motives. These distinct motives 

yield different return dynamics . This study examines the link between the nature of 

heterogeneity among investors and the behavior of trading volume and its relation to price 

dynamics. 

Since investors are different, they trade competitively among themselves. Informed 

investors trade when: 

• they have private information about the stock's future dividends. It leads to informed 

trading . 

• their investment opportunities change. It leads to unformed trading. 

The uninformed investors trade only for non-informational reasons. They cannot predict and 

immediately identify the informed investors' trading motives. Then, they rationally extract 

information from realized dividends, prices, and public signals. Regarding the extent to which 

private information is responsible for turnover, the uninformed investors continue to learn to 

correct their initial assessments. Trading against informed investors' private information, they, 

therefore, face the risk of the adverse selection problem. In order to cover the risk, they require 

a higher discount in price, as information asymmetry increases. 

Based on this model, abnormal trading is caused by public news about the stock's 

future dividends, under information asymmetry. Difference in investors' responses to the same 

public information creates trading. The abnormal trading volume is larger when the information 

asymmetry is greater. This model has the following predictions: 

• With private information , the stocks with high turnover exhibit return continuation. 

Under the learning process , uninformed investors gradually update their cash-flow 
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expectations and imitate the informed investors' trading strategy. Their learning 

process and trading behavior cause return continuation. 

• Without private information, the stocks with high turnover exhibit return reversals. 

The uninformed investors' risk premium for the provision of liquidity causes these temporary 

price impacts. Return continuation in this model requires information asymmetry since risk 

premium alone is insufficient to create return continuation. 

2.4. Momentum and informed trading 

O'Hara (2003) argues that anomalies such as momentum highlight the need to 

incorporate informed trading into asset pricing. Several researchers document the association 

between informed trading and momentum. adders-White and Ready (2005) find that firms with 

lower credit ratings have more informed trading . Intuitively, firms with lower credit ratings are 

likely to be closely monitored by debtholders, customers, suppliers, and other stakeholders are 

willing to trade on their private information. Avramov, Chordia, Jostova, and Philipov (2007) find 

stronger momentum in stocks with lower credit ratings . These two previous studies suggest that 

informed trading can explain the momentum effect in stocks with lower credit ratings . Llorente, 

Michaely, Saar, and Wang (2002) examine the dynamic relation between return and volume of 

individual stocks. In their study, investors trade to share risk or speculate on private information. 

By analyzing the relation between daily volume and first-order return autocorrelation for 

individual stocks, they show that speculative trades lead to return momentum while risk-sharing 

trades leads to return reversal. They attribute the cross-sectional variation in the relation 

between volumes and return autocorrelation to the informed trading . Liang's (2006) results 

confirm that stocks with higher PIN measures exhibit stronger momentum across the strategies 

in Jegadeesh and Titman (1993) . Instead of imitating the informed traders' prior trades, 

uninformed investors trade against informed investors. This study does not take into account the 

interaction between informed trading and turnover. 

Recently, Hameed, Hong, and Warachka (2008) investigate Wang (1994)'s price 

discovery model with heterogeneous investors and asymmetric information. To study the 
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momentum effect in individual stocks, they use the probability of informed trading (PIN) in 

Easley, Hvidkjaer, and O'Hara (2002) as a proxy for asymmetric information. The firm-specific 

interaction variable, defined by product of PIN and past returns over the intermediate horizon, 

can predict the future returns and eliminate the predictability of the past intermediate returns. 

This study shows the existence of a cross-sectional relationship between informed trading and 

momentum effect. In particular, while the high turnover stocks with low information asymmetry 

exhibit return reversal, the high turnover stocks with high information asymmetry exhibit return 

continuation. This relationship is not attributable to cross-sectional differences in: 

• uncertainty; proxied by size, analyst coverage, analyst forecast dispersion, and 

idiosyncratic volatility, 

• liquidity; proxied by effective spreads and Kyle (1985)'s lambda, and 

• order flow imbalances. 

The positive relationship between information asymmetry and momentum is compatible with 

informed trading being the origin of return continuation. The evidence emphasizes the role of 

price discovery in generating short-term price momentum. Their evidences imply that short-term 

price momentum is not caused by an overreaction to private information. Through the learning 

process, uninformed investors update their cash-flow expectation, imitate the previous informed 

investors' trades, and gradually become informed. Their learning creates return continuation. 

However, using probability of informed trading (PIN) as a measure of information asymmetry in 

the previous studies yields questionable results . Several researchers challenge whether PIN is 

priced because of information asymmetry or illiquidity. In addition, the previous studies do not 

investigate who are better informed and whether Wang's (1994) predictions hold across 

different types of investors, i.e., with private information, whose turnovers cause return 

continuation and without private information, whose turnovers cause return reversal. 

2.5. Investors' trading strategies 

Different trading strategies and performances across different investor types in the US 

are substantially documented in the literature. Barber and Odean (2000) and Griffin, Harris, and 

Topaloglu (2003) document that individual investors tend to follow contrarian strategy, holding 
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stocks with underperformance and selling stocks with over performance. Based on survey data 

by small individual investors over 1987-1994, Bange (2000), however, shows that individuals are 

positive feedback traders, increasing equity holdings after market run-ups and decreasing their 

holdings after market downturns. They are likely to realize winners than losers, known as 

disposition effect (see Shefrin and Statman, 1985 and Odean, 1998). Several researchers, 

including Jegadeesh and Titman (1993), Grinblatt, Titman, and Wermers (1995), Bohn and 

Tesar (1996), Chan, Jegadeesh, and Lakonishok (1996), Rouwenhorst (1998), Nofsinger and 

Sias (1999), Badrinath and Wahal (2002), Griffin, Harris, and Topaloglu (2003), document that 

institutional investors tend to follow momentum strategy, buy past winners and selling past 

losers. Grinblatt, Titman and Wermers (1995) find that the momentum strategy is more effective 

than the contrarian strategy. Nofsinger and Sias (1999) show that there exists a strong positive 

relations between institutional trading and subsequent returns by which the stocks with net 

institutional buy outperform the stocks with net institutional sell. They find no return reversals (no 

overreaction) within up to two years after institutional trading . Badrinath and Wahal (2002) find 

that institutional investors tend to follow momentum strategy when they purchase but follow 

contrarian strategy when they dispose of their holding positions. The momentum trading does 

not generate excess returns since trading behavior and cycles vary across different types of 

institutions. 

Outside the US, different trading strategies between local investors and foreign investors 

are widely documented. A substantial influence on both individual stock prices and overall 

market movements by foreigners' trading along with their increasing ownership are widely 

recognized . Choe, Kho, and Stulz (1999) using the Korean stock market, Grinblatt and Keloharju 

(2000) using Finland stock market, and Richards (2005) using six Asian emerging markets, find 

that foreign investors adopted positive feedback trading strategy. Froot, O'Connell, and 

Seasholes (2001) find evidence of positive feedback trading by foreign investors in 44 countries 

over the period 1994-1998. They show that fund inflows have positive forecasting power for 

future equity returns, especially in the emerging markets. Recently, Bae and Min (2007) find that 

foreigners behave like positive feedback traders in the Korean stock market. Foreigners tend to 

buy stocks that have outperformed previously and sell stocks that have underperformed, 
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suggesting that foreigners behave like short-term momentum traders pursuing a growth 

strategy. The stocks foreigners buy Significantly outperform the stocks they sell in terms of both 

stock's returns and operating profitability, leading to the significant outperformance of 

foreigners' trading strategies over those of local institutions and individual investors. Overall, the 

literature consistently supports that foreign investors following momentum trading strategy. 

The existing literature, including Grinblatt and Keloharju (2000) using Finland data, 

Froot, O'Connell, and Seasholes (2001) using data from 44 countries, Jackson (2003) using 

Australian data, and Richards (2005) using data from six Asian markets, shows that individual 

investors following contrarian strategy. Choe, Kho, and Stulz (1999) find evidence individual 

investors in Korea traded like contrarians by buying more of the stocks that have performed 

poorly. Using data from Korean stock market, Bae and Min (2007) find that local institutional 

investors show a tendency to buy more of stocks that have risen in price but individual investors 

trade like contrarians; they tend to buy the past losers and sell the past winners. Overall, the 

literature consistently supports that local individual investors following contrarian trading 

strategy. 

2.6. Investors' informativeness 

Early studies assume that institution investors have informational advantages and make 

large trades. Institutional investors with more resources are more efficient analyzing data. 

Because of the costly information collection and processing, individual traders with limited 

resources are likely to be uninformed noise traders. Grossman and Stiglitz (1980), Kothre and 

Laux (1995), Sarin, Shastri and Shastri (2000), and Heflin and Shaw (2000) find the positive 

relationship between information asymmetry and institutional ownership. The focuses of the 

research is shift to study the informativeness of individual domestic investor and foreign 

investors, as more information on different trader types is available. The empirical evidences 

provide mixed results on the informativeness for different trader types. The variations in the 

results are probably due to differences in: 

• periods of the study, 
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• methods of the study, 

• data set. 

Foreign investors are assumed to be winners over individual local investors because of 

their superior ability to gather and process new information through sophisticated portfolio 

management techniques and their worldwide information networks. Early studies by Seasholes 

(2000) using Taiwanese data, Grinblatt and Keloharju (2000) using Finnish data, and Froot and 

Ramadorai (2001) using a cross section of 25 countries make a convincing case that foreigners 

do better than local investors. They attribute the better foreigner investors' informativeness to 

better company investment experience and resources. In addition, Richards, (2004) analyses 

data for the aggregate daily trading of all foreign investors in six Asian emerging equity markets. 

The results suggest that foreign investors and external conditions have a larger effect on 

emerging markets than implied by previous work. Recently, Bae and Min (2007) examine the 

trading behavior and portfolio performance of foreigners, local institutions, and individual 

investors in the Korean stock market. They find that the foreigners' buying stocks significantly 

outperform the f.oreigners' selling stocks in terms of stock's returns and operating profitability, 

leading to the significant outperformance of foreigners' trading strategy over those of local 

institutions and individual investors. They attribute the superior performance of foreign investors 

to the ability to discern company stocks with, at least short-term, good versus not-so-good 

prospects. 

Regardless of their lacking of modern asset management techniques, experienced 

stock analysts, and inferior information processing, local investors may have informational 

advantages because of physical, linguistic, or cultural barriers, as documented by several 

studies. Hau (2001), using German Security Exchange data, explores informational asymmetries 

across the traders and find evidence for an information advantage due to corporate 

headquarters proximity for high-frequency (intraday) trading. Choe, Kho, and Stulz (2004), using 

Korean data, show that domestic individual investors have an edge over foreign investors. The 

prices move more against foreign investors than against domestic investors before trades. 

Using transaction data from Indonesia, Dvorak (2005) shows that domestic investors have 
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higher profits than foreign investors. Chan, Menkveld, and Yang (2006) uses the perfect market 

segmentation setting in China's stock market and find that foreign investors are at informational 

disadvantage relative to domestic investors. Domestic investors lead foreign investors in price 

discovery. Bae, Stulz, and Tan (2007), using a sample of 32 countries, find that there is an 

economically and statistically significant of analyst local advantages . The local advantages are 

high in countries with smooth earnings, less information disclosure, and weak relationship 

between firm idiosyncratic information and stock returns. The local advantages are also 

negatively related to whether a firm has foreign assets, to market participation by foreign 

investors and by institution investors and it is positively related to holdings by insiders. There is 

a positive correlation between the extent to which U.S. investors underweight a country's stocks 

and that country's analyst local advantage. 

Kang and Stulz (1997) studies stock ownership in Japanese firms by non-Japanese 

investors from 1975 to 1991. They document that foreign investors overweight shares of firms in 

manufacturing industries, large firms, firms with good accounting performance, firms with low 

unsystematic risk, and firms with high leverage and find no difference in the performance of 

domestic and foreign investors. 

Recently, few studies using a unique data from Thailand find that foreign investors are 

better informed. Wang (2006) documents a strong contemporaneous relationship between 

foreign equity trading and market volatility in Thailand . Although foreign selling accounts for only 

a small portion of daily trading, it has the highest explanatory power for market volatility in both 

countries. Trading within foreign and local investor groups is often negatively related to volatility. 

The findings are robust to different sub-periods and different measures for volatility and trading 

activities. Janyangyuen (2008) shows that the foreign investors are indeed informed traders and 

contribute to the price discovery as measured by information share . The foreign investors 

account for a majority of price discovery in spite of less number of deal volume and deal value 

traded. The information share estimates for foreign investors range from 30 percent to 68 

percent which is higher than the information share of the local customers. Foreign investors are 

the major contributors to the price discovery of the share and are considered more informed 
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Seasholes (2000) investigates Taiwanese stock exchange and finds that foreigners tend 

to buy prior to positive and sell prior to negative earnings surprises. Foreigners' returns are 

above risk-adjusted returns. 

(b) During earnings-announcement period 

Since informed investors already trade on their private information during the pre

earnings-announcement period, it is unlikely they will continue to trade during earnings

announcement and post-earnings-announcement periods. After earnings announcement, the 

private information becomes public information. Therefore, informed investors have no more 

information advantage. Bernard and Thomas (1990) find that a significant portion of PEAD is 

concentrated in a three-day window around the earnings announcement. Their results imply that 

investors on average do not understand the implications of current quarterly earnings for future 

earnings. These investors are probably not well informed. 

The attention-grabbing hypothesis by Lee (1992) conjectures that, whether the news is 

good or bad , individual investors are likely to be net buyers of any stock in the news. Individual 

investors with irrationality or cognitively constrain have less attention than institutional investors. 

These individual investors are more likely to buy the stocks when stocks which they currently do 

not own grab their attention. Based on this hypothesis, prices rise too much (or fall too little) in 

response to information released around earnings announcements, due to buying by individual 

investors. Barber and Odean (2004), Hirshleifer et al. (2004), and Dey and Radhakrishna (2007) 

find that individual investors trade heavily and are net buyers on earnings announcements, no 

matter whether the news is good or bad. Their finds support the attention-grabbing hypothesis. 

However, Burch and Swami nathan (2003) document that institutional investors buy after both 

positive and negative earnings surprises . 

Ayers , Li, and Yeung (2009) examines whether the distinct drifts are attributable to 

different identifiable subsets of investors who exhibit systematic delayed trading reactions to 
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different forms of earnings innovations. During the earnings announcement period, while the 

market as a whole reacts to both random walk-based earnings surprise (RW) and the analyst

based earnings surprise (AF), it reacts more intensive to AF earnings surprises. While smaller 

traders react more to the RM earnings surprises than to the AF earnings surprises, large trades 

appear to response only to AF earnings surprises. These trading behaviors during earnings 

announcement period and during post-earning-announcement period are similar. 

(c) Post-earnings-announcement period 

During the post-earnings-announcement period , several studies document that the less 

PEAD is observed when the market has more the firm specific information. Foster, Olsen and 

Shevlin (1984), Bernard and Thomas (1989), Freeman and Tse (1989), Hong, Lim and Stein 

(2000), Bartov, Radhakrishnan and Krinsky (2000), Francis, Lafond , Olsson and Schipper 

(2004), and Vega (2005) find that the bigger firms expedite information flow in the market and 

have lower PEAD. 

Several researchers believe that individual investors are less sophisticated traders than 

are institutional investors, including Lee et al. (1991), Walther (1997), Grinblatt and Keloharju 

(2000), De Franco et al. (2006), and Mikhail et al. (2007). The individual trading hypothesis 

conjectures that PEAD may result from the trading activity of individuals . Recently , Lamont and 

Frazzini (2007) find that, for some stocks, buying pressure from individuals push prices higher 

around announcement dates. However, other researchers find that individual investors do not 

cause PEAD. Hirshleifer, Myers, Myers, and Teoh (2008) find no indication that trading by 

individuals explains the concentration of drift at subsequent earnings announcement dates, 

which is inconsistent the individual trading hypothesis. Individuals are significant net buyers 

after both negative and positive extreme earnings surprises. In summary, the literature provides 

the mixed results of the effect of individual investors on PEAD. 

The impact of institutional on post-earnings announcement drift is also far from resolved. 

More recent evidence from changes in institutional ownership is mixed as to whether institutions 

are sophisticated arbitrageurs. Bartov, Radhakrishnan and Krinsky (2000) find that PEAD is 
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negatively related to the proportion of shares held by institutional investors. The results imply 

that institutional investors improve the degree to which earnings information is efficiently priced. 

Ke and Ramalingegowda (2005) document that transient institutional investors (i.e., those 

actively trading to maximize short term profits) trade to exploit the post-earnings announcement 

drift (PEAD) . Their arbitrage trades accelerate the speed that stock prices reflect the 

implications of current earnings for future earnings. Griffin, Shu and Topaloglu (2008) find that 

stock returns over the next three months are positively related to changes in institutional 

ownership in the two days after earnings announcements . Post-earnings announcement drift is 

significantly lower for stocks with higher institutional holdings. In contrast, Griffin, Shu and 

Topaloglu (2008) study the information content of institutional trading in the days immediately 

preceding earnings announcements. They find no evidence that institutional trading in the days 

before earnings announcements helps to predict earnings announcement returns. 

The PEAD literature documents two different types of earnings surprises: 

• random walk-based (RW) earnings surprise 

• analyst-based (AF) earnings surprise 

There is no consensus regarding the source(s) of these drifts . The effects of different investor 

types on the RW and AF drifts are inconclusive. The decreasing in RW drift with the level of 

institutional ownership was documented by Bartov, Radhakrishnan, and Krinsky (2000). They 

conclude that institutional investors improve the efficiency with which RW earnings surprises are 

priced . Bhattacharya (2001) finds that, during earnings announcement period, small traders' 

earnings expectation resembles a seasonal random walk. Battalio and Mendenhall (2005) find 

that, around earnings announcements, large traders respond to AF earnings surprises while 

small traders respond to RW earnings surprises . Mikhail, Walther and Willis (2007) document 

that while large traders trade in the directions of recommendations and forecast revisions, small 

traders fail to do so. Ayers, Li, and Yeung (2009) examines whether the distinct drifts are 

attributable to different identifiable subsets of investors who exhibit systematic delayed trading 

reactions to different forms of earnings innovations. While large traders continue to trade in the 

direction of analyst-based earnings surprises, small traders continue to trade in the direction of 

seasonal random walk-based earnings surprises after earnings announcements. Large traders 
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end their delayed trading more quickly than small traders. Overall, these findings imply that the 

RW and AF drifts may be explained by distinct groups of investors that form their earnings 

expectations differently, who both impact prices and systematically underreact to earnings 

news. 

However, these previous studies classify investors as small or large traders based on 

trade sizes. They fail to link trade sizes to different investor groups. Easley and O'Hara (1987), 

Lee (1992), Franco, Lu and Vasvari (2007), Bhattacharya, Black, Christensen, and Mergenthaler 

(2007), and Ayers, Li, and Robinson (2008) find that small traders represents individual 

investors. In contrast, Barclay and Warner (1993), Chakravarty (2001), Campbell, Ramadorai, 

and Vuolteenaho (2005) point out that small traders could represent either individuals or instead 

institutions' splitting their trades into smaller trades. To reduce the price impact of their trades, 

sophisticated investors split orders and make smaller trades when they disagree with the market 

price. Furthermore, Campbell et al. (2005) provide evidence that institutions tend to make both 

very large and very small trades , with individuals tending to make intermediate-sized trades. 

2.8. Problems with Informed Trading Measurement (PIN) 

Informed trading cannot be directly measured. Based on the Glosten and Milgrom 

(1985) and Easley and O'Hara (1987) sequential trade models, the Easley, Kiefer, O'Hara and 

Paperman (1 996) develop a model to measure informed trading . The underlying assumptions 

are: 

• private information is reflected in abnormal order flow, excess buying or excess 

selling pressure, and 

• public information is directly incorporated into prices without trading activity. 

Any order imbalance would be interpreted as trades motivated by private information. By 

observing the abnormal order flow in a given day, PIN is designed to capture the extent of 

informed trading . The model contains three types of traders: 

• informed traders who trade, based on private information , for speculative purposes, 
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• an uninformed liquidity provides or market makers who, by observing the flow of buy 

and sell orders, sets the bid and ask quotes. The bid-ask spread compensates the 

liquidity provider for the possibility of trading with the informed traders, and 

• noise traders whose reasons for trading are exogenous. 

The process is illustrated in Figure 2.1. The probability that a private information event 

will occur on a given day is a. If a private information event occurs on a particular day, the 

probability of good news is (1-8). In this model, traders arrive according to Poisson process 

throughout the day. On days with good news, informed traders and noise traders arrive in the 

market as buyers at rates J..l and £b' respectively. But, only noise traders arrive to sell at rate £s. 

On bad news day, the arrival rates for buy orders and sell orders are £b and J..l+£s' respectively. 

If there is no private signal, only noise traders will arrive in the market, so buy and sell orders 

flow arrives at rate £b and £s' respectively. The probability of informed trading is the ratio of 

expected informed order flow to expected total order flow. 

PIN = __ U--,-IJ. __ (1 ) 

The PIN model can be numerically estimated using maximum likelihood method. The likelihood 

function of the model is : 

where 

B 

S 

total buys for a given day 

total sells for a given day 

(2) 
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Assuming the information events are independent across days, the likelihood function of 

observing I days is given by 

where 

Figure 2.1 : Tree of the PIN model 

Information event 
Occurs: a 

Information event does 
Not Occur: 1- a 

Signal Low: (5 

Signal High: 1-8 

Once per 
Day 

(3) 

Buy arrival Rate: Eb 

SeD Arrival Rate : f.1 + Es 

Buy Arrlval Rate: f.1 + Eb 

Sell Arrival Rate : ~ 

Buy Arrlval Rate c5b 

Sell Arrival Rate: E , 
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To estimate the parameters, we need a numerical maximization technique because 

there is no closed form solution. To increase computing efficiency and reduce truncation error, 

Easley et al. (2003 and 2005) recommend the following factorization of the joint likelihood 

function 

+ ±In[a(I-8)e-J.lx~i-Mi XbMi + a8e-J.lx~M i xPi-Mi + (1- a)x~i-Mi XPi-Mi ] (4) 

where 

Es 
X s = --

~ + Es 

Eb 
Xb=--

~+Eb 

i = ] 

Easley, Hvidkjaer and O'Hara (2002) show that a ten percent difference in the PINs of 

two stocks results in a 250 basis point difference in their annual expected returns. Constructing 

a rational expectations asset pricing model with asymmetric information, Easley and O'Hara 

(2004) find that uninformed investors demand a premium to hold shares in firms with higher 

information asymmetry, everything else held constant. The uninformed investors expect to lose 

to the informed investors and therefore demand to be compensated for this expected loss. They 

argue that stocks with more information asymmetry have higher expected returns . 

However, many other researchers' findings do not support the previous results . 

Lambert, Leuz and Verrecchia (2005) and Hughes, Liu and Liu (2005) show that in a large 

economy the effect of asymmetric information on expected returns is diversifiable or subsumed 

by existing risks. They argue that asymmetric information is priced in Easley and O'Hara (2004) 

because the number of assets in their model is finite and hence asymmetric information risk 

cannot be diversified away. Spiegel and Wang (2005) suggest that PIN captures a stock's 

liquidity characteristics and whether liquidity is a systematic risk is unclear. Mohanram and 
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Rajgopal (2007) show that while PIN does predict future returns in Easley and O'Hara (2004) 

sample, the effect is not robust to alternative specifications and time periods. Overall, their 

findings cast doubt on whether PIN reflects information risk systematically priced by investors. 

There is not much evidence to support the interpretation that information risk, proxied by PIN, is 

a source of priced information risk. 

Duarte and Young (2007) show that the original PIN model cannot match the pervasive 

positive correlation between buyer and seller initiated order flow because the PIN model 

specifies only two possible motives for trades, information and exogenous liquidity needs. Then 

they extend the PIN model to accommodate the positive correlation between buys and sells by 

allowing for simultaneous positive shocks to both buy and sell order flow. The extended model 

also allows them to compute a measure of asymmetric information, AdjPIN. The results indicate 

that AdjPlN is orthogonal to expected returns . Their evidence suggests that PIN is not priced 

because it is a proxy for information asymmetry. 

The extended model has the following differences: 

• the arrival rate of informed buyers (J.lb) and the arrival rate of informed sellers (J.ls) are 

different. The motivation for this is to better allow the model to account for the fact that in 

the data, buy order flow has a larger variance than sell order flow for almost all firms . 

• The model allows for symmetric order flow shock, i.e. both increased buys and sells 

variations and a positive correlation between buys and sells because each day an event 

can occur that causes both buy and sell order flow to increase. The probabilities of such 

events, conditional on with and without private information, are represented bye' and e, 

respectively. 

• In the event of symmetric order flow shock, the additional arrival rate of buys is ~b and 

sells is ~s' 
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The probability of informed trading in the adjusted model is: 

AdjPIN = a(8J..1" + (1-8)IlJ 
a(8 J..I" + (1- 8) IlJ + (8b + L\,)(a8'+(1- a)8)+ Eb + Es 

(5) 

The probability of systematic order flow shock (PSOS) is the unconditional probability that a 

given trade will come from a shock to both buy and the sell order flows which is given by: 

PSOS = (8b + L\,)(a8'+(1- a)8) 
a(8 J..I" + (1-8) IlJ+ (8b + L\,)(a8'+(1- a)8)+ Eb +E, 

The likelihood function of the extended model is: 

where 

B 

S 

B S 

+ a8'(I- 8) -{t.+&) (Eb +&) -{I1,+t,+6,) (Ils +E, +L\,) 
e B! e S! 

the number of buys for a given day 

the number of sells for a given day 

(6) 

(7) 



Figure 2.2: Tree of the AdjPIN model 
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Shocks with a high PSOS have very low trading activity on most days with sudden 

spikes in volume associated with the release of public information. In addition to being related to 

ill iquidity, while the correlation between PSOS and AdjPIN is relatively low, PSOS is strongly 

correlated with PIN indicating that PSOS is the component of PIN that proxies for illiquidity 

unrelated to asymmetric information. Consequently, the relation between expected returns and 

PSOS reveals the extent to which PIN is priced because it is a proxy for illiquidity effects 

unrelated to information asymmetry. The evidence does suggest that the relation between 

expected returns and illiquidity cannot be explained by information asymmetry effects. 
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Hypothesis III: 

If earnings announcements are informative, there is high foreign trading during the pre

announcements period. 

111.1 For positive earnings surprise, foreign buying is higher during pre-announcements period. 

111.2 For negative earnings surprise, foreign selling is higher during pre-announcements period. 

(b) During earnings-announcement period 

Since informed investors already trade on their private information during the pre

earnings-announcement period, they are unlikely to continue to trade during earnings

announcement and during post-earnings-announcement periods. After earnings announcement, 

the private information becomes public information. Therefore, informed investors have no more 

information advantage. Bernard and Thomas (1990) find that investors on average do not 

understand the implications of current quarterly earnings for future earnings. The previous 

studies show that Thai investors are less informed than foreign investors. Therefore, this study 

expects that local individual investors are likely to trade during earnings-announcement and 

during post-earnings-announcement periods. 

Ayers , Li , and Yeung (2009) document that smaller traders react more to the random 

walk-based earnings surprises (RW) and large trades appear to response only to analyst-based 

earnings surprises (AF). Large traders are typically considered relatively more financially 

sophisticated than small traders since they utilize a more sophisticated earnings expectation 

(Bhattacharya, 2001, Battalio and Mendenhall, 2005, and Mikhail, Walther and Willis, 2007) . In 

addition , Easley and O'Hara (1987) and Lee (1992) document that large traders are likely 

wealthier and more informed than small traders. Therefore, this study expects that, on average, 

large trades are in itiated by institutional investors and small trades are initiated by individual 

investors. 
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Hypothesis VI: 

VI.1 The more intense the earnings announcement period trading by individual investors on the 

seasonal random walk-based (RW) earnings surprises, the smaller the post earnings 

announcement drift associated with seasonal random walk-based earnings surprises. 

VI.2 The more intense the earnings announcement period trading by institutional investors on 

the analyst-based (AF) earnings surprises, the smaller the post earnings announcement drift 

associated with analyst-based earnings surprises. 
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ri,t-12,t-2 

r"t-60,t-13 

Sizei,t_1 

BMi ,t_1 

DisPi, t_1 

A,!, 

return for firm "i" during month "t-12" and ''''t-2'' 

return for firm "i" during month "t-60" and ""t-13" 

market capitalization for firm "i" on month "t-1" 

book-to-market for firm "i" on month "t-1" 

information asymmetry for firm "i" over the calendar year containing month "t" 

forecast dispersion for firm "i" on month "t-1" 

Kyle (1985)'s lambda for firm "i" over the calendar year containing month "t" 

a mean-zero error term 

60 

The objective of this regression is to investigate whether the interaction between 

information asymmetry and past intermediate returns is responsible for return continuation . This 

specification takes into account intermediate-term momentum (r
"
t-12,t-2) and short-term (ri.t-1 ,t ) and 

long-term (r, t-60 t-13 ) reversals which are substantially documented in the literature. Based on 

Wang's (1994) predictions, ~6 is expected to be significantly positive. 

Note that only one proxy for uncertainty and liquidity are included in the above 

specification to avoid multi-col linearity problem. Other proxies will also be used in as alternative 

specifications. In addition to PIN, other proxies for information asymmetry will also be used in 

the above regression. 

Under Wang's (1994) model of competitive stock trading, turnover plays a significant 

role on the relationship between information asymmetry and future return. To investigation the 

model predictions, the product of past intermediate return with change in turnover and the 

product of past intermediate return with change in local individual investors' buying are used as 

interaction variables . Within information asymmetry portfolios, the following cross-sectional 

regressions will be used to test Hypothesis I and II: 

fi.l = ~o + ~lln(Size .H) + ~2 BM.t-1 + ~3 fi.H .t + ~4 [ i.l- 12.t-2 + ~5 fi.l -ffl.t- 13 

+~6[~TO , t *fi,t-12,t-2]+Ei,t 

~ TO.t = TO.t-I.t-1 - TO.H2.t- 2 

(11 ) 

(12) 
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Table 6.4: Net Buys from Foreign Investors, Probability of Informed Trading, and Return 

Pattern (continued) 

Panel B: net buys from institutional investors 

PIN-Sor1ed Portfolio Uo U, U 2 U 3 U4 130 

-0.0460 0.0050 0.0126 0.0675 0.1902 -0 .2567 

P1 

-1 .680 1.610 2.660 3.760 1.980 -3 .320 

0.0095 -0 .0019 0.0155 0.0303 0.3193 -0 .1651 

P2 

0.290 -0.570 1.980 0.540 4.260 -1 .370 

-0.0340 0.0026 0.0252 0.0122 0.0264 0.0543 

P3 

-1.910 1.410 6.800 0.870 1.010 1.380 

0.0150 -0 .0013 0.0154 -0.0109 0.0648 0.1030 

P4 

1.250 -1.040 6.260 -0.610 2.150 2.650 

-0 .1361 0.0153 0.0214 0.2360 -0.0331 0.8065 

P5 

-1.180 1.160 1.910 1.730 -0 .110 2.640 

-00900 0.0103 0.0088 0.1685 -0.2233 1.0632 

P5 - P1 

-0 .760 0.762 0.725 1.224 -0.706 3.374 
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competitive advantages, regardless of their superior skills and knowledge. Therefore, they are 

likely to be short-term speculators, not long-term investors. 

Speculators are not preferred and unavoidable in any stock markets. They make the 

market unstable. SET is sensitive to the moving of foreign funds . It is apparently that SET returns 

are closed related to net-buys from foreign investors. The stability the stock market can be 

improved by increasing the fraction of long-term investors and decreasing the fraction of short

term speculators. The differences of informed trading across the investor groups must be 

reduced. It is the role of the Securities and Exchange Commission (SEC) to promote investor 

protection and stock price informativeness on SET. The policy should minimize inside trading 

and improve the transparency of the companies on SET. 
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