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Abstract

This report shows the method of statistical technique for part-of-speech tagging
of words in Thai corpus. As in Thai language, words are written consecutively
without delimiters, the study of tagging of a Thai corpus has to incorporate of word
segmentation. Here we approach the problems of word segmentation as well as part-
of-speech tagging by using trigram model. Experimental results show that the trigram
model effectively performs word segmentation and part-of-speech tagging with high
accuracy. The report also demonstrates the use of the tagged corpus in two
applications; i.e., Thai OCR error correction and Thai unknown word identification.
The experiments on these applications show the successful use of the tagged corpus
by obtaining high accuracy of OCR error correction and unknown word identification.
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t].n l=l

" ] 1 dv L ar A L
f i wzidud g lugumsiannsom 18 Tassiuswsnadsdennuiiiioy
] 1 o - L] d. L] o 3
U A p(w,|z,) I8 TasTusuauvesmuaam £ Aidunuiadivess w, wisdauian
A o o o z 1 [- %3
vou ¢, Niflumiaadwesilen Ewauves ¢ Mavue)  daw p(g)r, .1, ,) MidTaey
3 o A=id o s A ar o
Snnunned ¢ e £, 1oz £, awmasidsingluadedennnumsdasinauves
A 4 2
Wi 2, 1oy ¢, Mlsngnaun
i l:i 3 ar 3 4 L] at ot o \ '
aumsin (@) niddiianuadeduaunish @ Al¥dmsudad  deuanmissznain
3 - P i o o ° 9 "
aumsiaesfedumsii (4) Aesmsmagavesniaam ¢, i idaaunieadlulums
1 - ' k’t o 3 3 ] 3 9 ﬂ'.
misszTenveudumqwiomisdmuavinaiwesmmaniulildgean  TuvuzdAaums

_ysuuiiiiul) 18 e nihesdiuly

P ¥ o "
#l (2) AoamisAnvesAvesrl w, TaAusaue ¢,

-

NIARAIANIAR



11

, .
nyusiaes lasunsutl 185uMIdtoeden v Nuasnu A BN ULIAR Y
ANYNABIYS TATIRMIZAUNIMIBINGY (W.Church, 1988, E.Chamiak et.al, 1993) VeAvuDq
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4, 31%Us=Tuyrivesndavaniu

unilnd nilimmnibadedeaauiiivinasimiunds - uelumsdszmananis
= 4‘ ) »_ &= L] d' " Yas v n:
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wzaaniemmniadeenananidlunuiaes iswend124ganeTNu Winnow Naunsn

¥ »
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4.1 DaNDINY Winnow

o 9

q’ v - w -l = i L : ; : ) & "
mvauﬂmmqaanammsuuzaau'lnu (online learning algorithm) HULMUINITENIT -
. 2 o o .: a - - o - 1 v
Winnow Bl mivanszgndluundl  Saneiin Winnow HusaneTAuiuusdainia
o
#du (linear threshold algorithm) Hazuf lviiwminUUYY (multiplicative weight updating

algorithm) (N. Littlestone, 1988; A.R.Golding & D. Roth, 1996) ﬁ'ﬁﬂﬂ?ﬁmlﬁﬂﬂugﬂﬁ 1

9 1 -::
ATUONY

fmuald v, ..v, ifuAwesnewFUiithmneiidesnisisou uaz
x, [Huanand (feature) NFFov10y § ATIvcTOU
1. ATMUAMIBNAUYDY w, .., w vesnnauautalfiiu 1
2. For Each 88N x = {x,,...,x,} . Do
2.1 W v ifluswesneudihiidimanoves x
Wy

. o o
2.2181NA v, = argmax v; e{vl,...,vm}zﬁxi =

2.3 If 5ane3Miu Tausaunenssifa (v # 7) then

(a) foreachx; =V, w;«w, e x

(b) for each x; = vi, Wi w e[
2.4 If 5ane 37 TA3WNeNsBYN (v;= ¥) then
for each x; # v’ , wi <~ w; o §
Taof 6 a > 1 uaz < 1 Aemvauts, TsTudumniine? naz

=X s - o & o v L] d"
a-Tis Tudumnifiiges awddy Tunismanseamanti it 1,32

Hay 172 Auaay

P L = 4 .
519 1 9aneINU Winnow

' . 'ij d = T ﬂ T 4 4 T
IINTNITON4T Winnow IUUMIUANITAYEIIHURAILIYUIY 1 IYMUR FI¥OUAINU

Tnua@n n Tvua Ni3on31 “AF02919Y (specialisty” Aanaluzln 2 FFvngudasTnua
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argmax P(W\S) = argmax P(W)P(S|W)/P(S)
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w

awmnwundu Pow) andimualasTumavesmyazaus sdszun1d Tee1d
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PW)=P(W,T) =I1P(tltiati)Pwilt) (6)

P@iw) Wudnumzimmzues OCR Wil uozaansadszanu i@ anssusudeoya
merdaondenrmaumnieurhu Tsinsu OCR thinazdonwi Idon ocr manas
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FAUTAMININEIBIUTAIN | V03 S (=cc,..¢) unzTuvimpadaiu 1 # du jprefix
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Y s r ;
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ifeaanauilyyivssnisAiudginan  meondiszassuaudmidudaiton v
o st = e S s N i
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fethwsu “m aTula ¥ Usznevdae “aTula” Fuumoshyseiihi
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Twi Tunsdifiez1d “maTulag

(b) iSun gHuaswAudeN eadremindifnTasszezndlvegmulum k Faes
esuwde lil) dmiunnaius avsei 1850910 2()

(©) Mudnvszdernpmosniumuivaubeiung honssinming wu Sududaods
Sousi hilymudus srgaiosen by dihifin

3. midwusa:
Wi Wy AAIRNA 0 Mawaunisi (5) dmudii higeniu P(wfihifsn) gn
fruan TaoldTumavesin hisnTu (M. Nagata, 1996)

4. afnmiuaswdmiviAanilud;

.
° =1

dmsud w, ludwudmanga N A1 Aiiaouiezdiu Pow,,w,w, .t tt,) AIn31A

= ] 9 L | -’; =t o e n’: = b4 o = ] - n’:
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AH‘ -ﬂ' . o W & _ W o At 1 ]
Aoud 2 gaumuiiaaodm w,  Tasdmualimédudiiidinanninfluawauns
(2) MIANINAVRUAY
5. MdwuAmaANge N d1au:

- o nr d‘dd‘ B W - 3 -:i = 3 -l=i

iden N ddunsniiangandduimaruah lAvIntuseu 4

sAuaiadudenveuslivdgannszezmaund lwnasgiuiez1d  error-tolerant

] L
finite-state recognition algorithm (K. Oflazer, 1996)  szoznLn lunFualzeiivinlisn
e e -ﬂl L ar - L J o 1 L) Y =
ausaumsanseaudnysegluszdununazszauanndald ud liveultinsanIeau
el ar * o z Au ar A o L 3
sy luszaunan TussAunainiy szoonliummaionys IdiNes k Aamniu szosnis
ud lvdFulsefiazfeutigumnidves ocr nw'neda (1) dinvesaudlonysieglusyay
yuusemnIRuTzAUNaNRaMIMIAILAReITY taz (2) Tnez hilimsumindidnuslu
szAunan @antamy fusnl¥ivadauden Tavldszozudluiiu 1 TavSudunaily
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g a 1 v &
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UA luMTAENAMT (spelling correction) (A.R.Golding, 1995; A.R.Golding & D.Roth, 1996;
AR.Goling & Y.Schabes, 1996; T.Xiang & A.E.David, 1994) 1u vl F3msunldvan
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M3z ’3‘1?nwifmmin"l-fqmauﬁﬁwmuqa&%ﬁauﬁ'un‘i‘aﬁmuﬂmﬁmuwmﬁrgﬂ"lu
viumiidmuald onftiénanluiaded 4.1 siuldi Winnow ifiudanesivdaiu’s

myseuinuauianiilszTonlld Wadeae liliaasiimsaeu Winnow
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Tunsfez1d Winnow Tumsudlusianmafineein ocR T fevdumiiewias
ABUNIYUTTOZUA 1V k (k-edit distance coiiusion set) F‘Nﬁﬂ"li]{';
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il wufwmamhediundsnys < goununda “ innfesnitmdautwida “ae” oz

»
=3

gnauesnINIvALl
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