CHAPTER V

PROPOSED SOLUTION

5.1 Overview of Proposed Solution
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Automatic Ramgau%e of Omkoi, chiangmai Thailand
Gauge . 071, 081 of Ihourly of May 16, 1996
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Figure 5.1: An example of a difference between convective and stratiform rain type.
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Scattered Plot of Radar-Gauge Pairs by fitting a regressmn
line of Gauge no. 71,081 of 2-hourly of May 16, 1996
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Figure 5.2: An example of convective rainfall type having high correlation.
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Algorithm for Estimating Missing Data
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5.2 Similarity Measure
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5.3 The Expectation Maximization (EM) Algorithm
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where z(y) is the subset of X determined by the equationy —.y(x).
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function, log jLc(\F). As it is unobservable, it is replaced by its conditional expectation

giveny , using the current fit for T .

The EM algorithm
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The Generalized Reduced Gradient (GRG) Algorithm
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