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ABSTRACT

This article aims to link basic concepts of epidemiology with theories and
philosophy of research. Epidemiology emphasizes on quantitative empirical data. It
emerged from investigation of health problems and diseases outbreak in population. In
late 1800s, the revolution of science in microbiology field distracted scientists from
utilizing epidemiological methods. Epidemiology discipline came up again when
chronic diseases became major health problems with muti-factorial causes in the
twentieth century.

The effects of putative factors on health have to be ruled out from biases,
random errors and confounding. Methods to control confounding includes
randomized controlled trial, stratification, matching and mathematical modeling.

Mathematical models commonly used in epidemiology include Gaussian
regression, logistic regression and Cox regression. In the near future, further
development will be in the area of logitudinal data analysis, exact methods and Bayesian

analysis.
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